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The primary purpose of this study was to determine which factors were most responsible 
for the variance in StubHub get-in ticket price over the four time periods, while also analyzing 
how the StubHub get-in ticket price changes over time in comparison to athletic department 
price. Data was collected from all the Power 5 schools, including Notre Dame, additionally 
recording ticket price for each game at four different time periods. Four regressions were ran to 
see what variables explained the variance in the model. From the results, variable categories that 




TABLE OF CONTENTS 
LIST OF TABLES ......................................................................................................................... vi 
CHAPTER I .....................................................................................................................................1 
Introduction ............................................................................................................................................... 1 
Research questions .................................................................................................................................... 3 
Definitions ................................................................................................................................................. 3 
Limitations ................................................................................................................................................ 3 
CHAPTER II ....................................................................................................................................5 
Literature Review ...................................................................................................................................... 5 
Theoretical Explanations for Ticket Pricing Decisions ............................................................................. 5 
Dynamic Pricing in Professional Sport ..................................................................................................... 8 
Attendance & Demand for College Football  .......................................................................................... 12 
CONCLUSION ..............................................................................................................................17 
CHAPTER III ................................................................................................................................18 
Methodology ........................................................................................................................................... 18 
CHAPTER IV ................................................................................................................................21 
Results ..................................................................................................................................................... 21 
v  
CHAPTER V .................................................................................................................................27 
Discussion ............................................................................................................................................... 27 
APPENDICES ...............................................................................................................................31 
REFERENCES  .............................................................................................................................47 
 
vi  
LIST OF TABLES 
 
Table 1: Significant Variables at AP Poll Release ......................................................................... 42 
 
Table 2: Significant Variables at Two Weeks Prior ...................................................................... 43 
 
Table 3: Significant Variables at One Week Prior ......................................................................... 44 
 
Table 4: Significant Variables at One Day Prior ........................................................................... 45 
 










Ticket sales have long been a major source of revenue for collegiate athletics departments. 
Over the years, ticket sales strategies have rarely changed from a brick-and-mortar approach of 
calling or reaching out to potential fans and pushing a sales pitch to them. Recently, ticket sales 
have undergone a major overhaul with new technology enabling marketers to learn better ways to 
maximize revenue. In particular, teams have begun to transform ticket pricing models. No longer 
are “one-size-fits-all”, same prices for each game and opponent, the most efficient, and lucrative, 
way to sell tickets. Variable and dynamic ticket pricing strategies have led the way in promoting 
smarter, more efficient pricing approaches to create additional revenue. Never has it been more 
important for athletic departments to accurately price their catalog of events to produce revenue.  
Consumers shelled out over $56 billion to attend sporting events last year, accounting for 
ticket price, transportation, and food and drinks. (O’Brien, 2017). Moreover, at the FBS university 
level of college sports, ticket sales comprise almost 24% of the total income generated by an 
athletic department, with some schools as high as 40% of revenue (Fulks, 2016). Accounting for 
contributions that are usually paired with ticket price, ticket related revenue represents 49% of total 
generated revenues for FBS institutions (Fulks, 2016). In regards to establishing the ticket prices, 
the predominant method until recently has been to raise prices incrementally over time by some 
arbitrary percentage or flat rate (Howard & Crompton, 2004). However, studies in the professional 
sport league sphere has garnered new, specific information to organizations. Studies have been 
completed largely in the professional world of sport, including National Football League, National 
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Basketball Association, National Hockey League, English Premier League, but almost completely 
ignored in the college space.  
The purpose of the current study is to determine which variables significantly predict 
StubHub ticket prices at different time periods for National Collegiate Athletic Association 
(NCAA) Power-5 Conferences’ single, home football games, while also considering the price 
change over time compared to the athletic department price charged.  
Currently, collegiate athletic departments lack precise, concrete data and conclusions on 
home football game ticket pricing in the Power 5 conferences. Instead of formulating pricing 
decisions on professional sport league information, athletic departments can create knowledgeable 
pricing judgements, backed by the research and model developed. In particular, independent or 
predictor variables will be analyzed to see if there are significant relationships with StubHub ticket 





Based off the literature review, the following research questions have been developed: 
 
RQ1. How does StubHub “get-in” ticket price change over time periods from 
AP Poll release to one day out? 




“Get-In” Ticket Price: The cheapest price a fan can get into a game without any fees. This 
price was used for both athletic departments and StubHub prices over the four time periods.  
Power 5 Conferences: The “Power 5” is made up of the five most profitable conferences in 
college athletics; this includes the Atlantic Coast Conference, the Big 10 Conference, the Big 
12 Conference, the Southeastern Conference, and the Pac-12 Conference.  
Limitations 
 
There are a couple of limitations in regard to the four different models created. For one, 
the ticket price recorded from both the athletic department price and StubHub price are the 
cheapest available without capturing any fees. Potentially, the overcharge by athletic 
departments mentioned in the results could be smaller when fees are taken into account. 
However, for the purposes of the study, the fees were not collected in order to speed up the data 
collection process, saving multiple clicks per each ticket price recording. Additionally, some of 
the time periods are inconsistent over time. Using AP Poll as a baseline to see where prices start 
at based on the first rankings makes sense, yet, the next measure does not take place until two 
weeks prior to gameday. With fourteen weeks in the regular season, those games later in season 
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are recorded in August but may not be revisited until October or November, leaving a lot of 
unknown time in between. One final limitation comes from the day variable, where Saturdays 
were compared to every other game, however, there could be differences between Thursday or 
Friday gamedays.  
 From here, the model and data set lay a strong foundation and a noteworthy amount of 
information to continue into future studies. The model could be used to predict next year’s 
athletic department prices or StubHub get-in prices. The data set can also be used to supplement 
other research in the college football field, perhaps not related to ticket price itself. Although not 
used, StubHub get-in price was collected for the lower level 35-yard line as well as the upper 
level 50-yard line. Future studies could look at the same factors and determine if difference in 
location has any impact on variables and what is significant. Overall, the study lays a framework 
for additional future research into college football prices on the primary and secondary market 








CHAPTER II:  
Literature Review 
Theoretical Explanations For Ticket Pricing Decisions 
 
Efficient pricing strategies are important for sport teams; the organizations are 
responsible in avoiding prices too low and miss capturing potential revenue or pricing too high 
and drive fans away, leaving seats empty (Shapiro & Drayer, 2012). Two theories, stakeholder 
theory and institutional theory, are instrumental in describing and explaining sources of influence 
and pressure on sport teams. Freeman (1984) identified a stakeholder as “any group or individual 
who can affect or is affected by the achievement of the organization’s objectives” (Freeman, 
1984, p. 46). In 2012, Hester, Bradley, & Adams, continued stating that “each component of a 
firm’s operation is influenced by stakeholders because they fund, design, build, operate, 
maintain, and dispose of the systems for which they belong (Hester, Bradley, & Adams, 2012). 
Sport organizations can be cognizant of the stakeholders by pricing tickets favorably or adding 
value to the face value of the ticket through vouchers or promotions. Institutional theory, 
however, reflects pressures of political influence and pressures from cultural expectations 
(Morehead, Shapiro, Madden, Reams, & McEvoy, 2017). Organizations imitate the actions of 
others that have achieved success and, through socialization via professional, educational, or 
networking connections, devise pricing strategies. Stakeholder theory looks to those who have 
influence directly on the organization, while institutional theory proposes sport teams utilize 
external influences to set pricing. Administrators have to carefully balance maximizing revenue 
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with an obligation to not outprice their stakeholders and fans. Every pricing decision, although 
an internal conclusion, is influenced by external factors, whether that is ticket prices for 
universities or sports teams. 
The influences and pressures organizations face in pricing tickets can be explained by 
different types of tickets, season, package, or individual. Season tickets can act as an insurance 
package for risk-adverse fans, providing a safety blanket of sorts, allowing access to the 
favorable regular season matchups and premium post-season games (Salant, 1992). Continuing, 
the fans who hold season tickets prefer to pay at a constant price over time and extended number 
of seasons, instead of paying high prices during “good” years and low prices during “bad” years 
(Boyd & Boyd, 1998). Perhaps the best, and earliest, example of a sports team understanding the 
difference between different types of ticket and packages comes from the Milwaukee Brewers in 
1992, creating new product lines based on certain themes including “Arch-Rival Pack”, “Hot 
Summer Nights”, “Game Day Pack”, and “Sunday Pack”. By the next year, most professional 
teams offered the partial or mini-season ticket plans. Since then, professional teams have created 
different inventories to better meet needs of the market based on the understanding of what 
factors might affect consumer purchase behavior.   
 With institutional theory, sport teams and organizations have different objectives that can 
influence pricing decisions. Profit maximizing oriented teams may set ticket pricing in the 
inelastic portion of the demand, where revenue increases when ticket price increases 
(Eschenfelder & Li, 2007; Noll, 1974; Salant, 1992). Alternatively, these same teams who are 
seeking profit maximization could price tickets in hopes of consistently drawing full crowds and, 
therefore, reap the gains of additional revenues in the form of food, beverage, and souvenirs 
purchases (Fort, 2004). Sport teams can also aim to sell out the venue, rather than maximizing 
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profits which could be seen as an unachievable goal (Morehead et al., 2017). The goals would be 
more concrete, measurable, and attainable, whereas “maximum revenue” is difficult to quantify. 
Finally, sport teams can focus on fan welfare, where ticket prices are fixated on fans and sport 
organizations or groups that have a particular allegiance to the club, consume their products, and 
could influence club policies (Madden, 2012). Popular with European soccer clubs, the 
organizations are membership organizations where elected officials determine the strategy to 
price tickets. Typically, the unique governance structure prices tickets to draw larger crowds than 
profit-maximizers. The fan welfare ticket pricing decisions are based in the tenets of stakeholder 
theory, concentrated on social performance instead of financial (Miles, 2012).  
 Revenue management also is a framework for organizations to use when pricing tickets. 
The characteristics of revenue management date back to 1970s beginning with the airline 
industry (Kimes, 1989a). The goal was to match the right piece of inventory with the right 
customer at the right time to maximize revenue (Shapiro & Drayer, 2012). For revenue 
management to work, the particular industry must have specific features like fixed and perishable 
inventory, market segmentation, advanced or pre-event sales, fluctuating demand, high fixed 
costs, and low variable costs (Kimes, 1989a, 1989b; Kimes, Lee, & Ngonzi, 2015). With the 
typical sport season, the season and games are fixed and perishable, not existing after the season. 
Tickets are sold in advance, demand fluctuates game to game, and also have high fixed costs 
with season ticket prices and low variable costs as there is not much outside the tickets 
themselves. The strategy allows sport organizations to tactically price tickets based on the 
environment, where both fixed and perishable inventory can allow the ticket price to change 
during a period (Shapiro & Drayer, 2012). Recently, dynamic ticket pricing has been the most 
utilized model for revenue management in the ticket pricing field, where prices fluctuate to better 
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represent the market demand over time. Although, one fall back of revenue management is that 
consumers can perceive the pricing as unfair, leading to negative attitudes, changes in perceived 
value, and even lower purchase intentions for the consumers (Campbell, 2007; Haws & Bearden, 
2006; Wirtz & Kimes, 2007; Wirtz, Kimes, Theng, & Patterson, 2003). 
Ticket pricing is an increasingly capricious challenge for sport teams to find the balance 
between pricing too high, leaving empty seats, and pricing too low, leaving uncaptured revenue. 
Stakeholder theory suggests sports teams should price tickets favorable to the stakeholders and 
stresses importance of keeping those who have influence on the team happy. Institutional theory 
suggests sport teams should look to what others in the industry are using as a guide to ticket 
pricing decisions. The teams themselves have objectives that range from revenue maximization 
to fan welfare that influence pricing decisions.  
Dynamic Pricing In Professional Sport 
 
With the emergence of StubHub and other resale ticket markets, teams are forced to 
change their strategies. StubHub captures the capricious nature of demand and is the most 
accurate representation of consumers’ willingness to pay for a particular event. The prices can 
change drastically for a variety of reasons from team success, injuries, opponent success, 
weather, and coaching changes amongst other. Teams are beginning to adapt policies to respond 
better to the impulsive demands from consumers for sporting events.  
Ticket pricing strategies vary between the major sport leagues across the world. In Major 
League Baseball, the San Francisco were the first team to implement demand-based ticket 
pricing strategy, “dynamic ticket pricing” (DTP) (Shapiro & Drayer, 2012). Generally, DTP 
refers to sellers setting a fixed price at the beginning of a selling period but allow for variability 
over time (Gönsch, Klein, & Steinhardt, 2009). After the initial set price, the ticket price 
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responds in real time to market conditions. For example, if a team is doing well, prices go up, if a 
player is traded away, prices respond accordingly. In response to the Giants success, multiple 
teams in Major League Baseball (MLB) began selling with variable ticket pricing (VTP) 
strategies that would allow teams to sell certain games at a premium dependent on different 
variables (Shapiro & Drayer, 2012). Variables can fluctuate, yet most include time, day of the 
week, season (spring, summer, fall), and opponent (Shapiro & Drayer, 2012). According to 
Qcue, the company that dynamically priced tickets for the Giants, the factors that broadly 
influenced ticket prices included weather, player performance, team performance, opponent, and 
other situational factors (Fraser, 2009). In general, time appeared to influence ticket price yet 
differed on which market the ticket was purchased on and the seat location (Shapiro & Drayer, 
2012, p. 543). Understanding the variables that MLB teams utilize to price tickets dynamically 
will provide better insight of which factors to start with while studying influences on Power 5 
single game home football ticket prices.  
Studies have attempted to conclude the most important determinants that teams use to 
structure pricing decisions. Reese and Mittelstaedt (2001) discovered the most important factors 
National Football League (NFL) teams use to price tickets were team performance from the 
previous season, revenue needs of the organization, public relations issues, price sensitivities of 
the market, fan identification, and average league ticket price (Reese & Mittelstaedt, 2001). 
Team ownership in the NFL will attempt to capture as much as revenue from gate receipts as 
possible without alienating the fanbase (Rishe & Mondello, 2003). Through the survey, Reese 
and Mittelstaedt found that revenue needs of the organization and public relations issues ranked 
second and third, respectively, for important determinants of ticket pricing in the NFL (Reese & 
Mittelstaedt, 2001). The number one determinant was demand conditions of the market. In two 
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equations, Rishe and Mondello attempted (2003) to address what factors cause ticket prices to 
vary across teams in a given year through a cross-sectional analysis, and to address what factors 
cause season price changes for teams over time. Through the model, Rishe and Mondello 
concluded four different results, two applicable to the college sport environment. One, 
differences in team performance, fan income, population, and playing in the first year of a new 
stadium impact differences in average ticket prices across teams (Rishe & Mondello, 2003, p. 
78). Additionally, changes in win percentage from the previous season, reaching the conference 
championship game, playing in the first year of a new stadium, and the size of the previous 
year’s price increase, impact the size of seasonal increases in average ticket prices (Rishe & 
Mondello, 2003, p. 78). The results not applicable to college football are differences in payroll 
across teams do not impact average ticket price and that owners of NFL teams are “blowing 
smoke” to fans when raising ticket prices due to higher player salary. These results are not 
applicable to college football because teams do not have payrolls or salaries, nor do college 
football teams have owners. Rishe and Mondello were able to quantify not only which factors 
sport managers should consider when constructing ticket pricing policies, but also how much 
they should expect the factors to increase ticket prices. Although admittedly, the business of the 
NFL and amateur sport model are vastly different, discovering factors that are significant to the 
NFL will be a substantial starting point in developing variables to examine in a model for pricing 
Power 5 single home game football tickets.   
Dynamic pricing is not just limited to professional North American sport leagues. Derby 
County plays in the second tier of English soccer, the Championship, and seems to be the first 
football club in Europe to apply dynamic pricing system for sport events (Kemper & Breuer, 
2016). Ticket price strategy for Derby County included differentiation by seating category, or 
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location, and age band; adults, seniors, U18, and U12. Additionally, there were four different 
categories to classify quality of opponent, starting with rival as the highest. Derby County 
changes the price daily of their tickets, even by the minute, hour or other time interval. As time 
before the event decreased, fans expected higher ticket availability, but a lower ticket price for 
primary and secondary markets. The Derby County study, however, showed ticket prices 
increased continuously over the whole selling period. Discovering Derby County’s strategy to 
variable pricing and contrasting from major sport leagues in North America can help in 
developing potentially new factors for Power 5 college football home single game ticket prices 
and seeing what is significant for college football and other sport organizations.  
Ticket prices in North American sport leagues vary widely and seem to do more with 
local market conditions rather than cost, and the National Hockey League was studied to 
conclude whether or not the teams were profit maximizers or not for pricing tickets (Ferguson, 
Stewart, Jones, & Le Dressay, 1991). The typical team in the NHL considers the willingness to 
pay for attendance  at a particular game, then maximizes profits for the season by setting a 
single, average price for that particular game to maximize gate receipts (Ferguson et al., 1991). 
For example, if a NHL team believes the fan willingness to pay for a game against an opponent 
is $50, they will sell tickets at that price. The price changes from team to team as fans are more 
willing to pay more to see the top tiered teams versus the bottom dwellers. The model, 
admittedly simple and without some of the complexities of actual team behavior, offered 
substantial evidence in support of the NHL being profit maximizers by setting the prices per 
game, exploiting the potential revenue per game (Ferguson et al., 1991).  
Ticket pricing and the methodology in the decision-making process has long been studied 
at the professional level across leagues and continents but has remained largely untapped in the 
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collegiate realm. Throughout the 20th century, sport managers applied a one-size-fits-all 
approach or seat-location approach in pricing tickets, where all tickets are priced the same or 
correlated to the distance from the field, respectively (Drayer, Shapiro, & Lee, 2012). In 1999, 
Colorado Rockies were the first team in Major League Baseball to experiment with variable 
ticket pricing, setting fixed prices at the beginning of the season and not changing through the 
season (Drayer et al., 2012; Rovell, 2002). In 2009, the San Francisco Giants were the first 
professional sports team to use DTP. The current landscape of sport pricing literature fails to 
distinguish professional sport leagues and collegiate athletics environment.  
Attendance & Demand For College Football 
 
Prior research has looked at demand of college football by using attendance as the 
dependent variable. These studies provide explanatory variables used to describe the variance of 
demand, or attendance, which can be applied to athletic department ticket price and StubHub 
ticket price of single-game Power 5 football games. Demand, or attendance, and price have a 
relationship from the basics of economics. There is an equilibrium where supply and demand 
meet, therefore it is important to explore predictor variables on the ticket price side as well as 
demand side.  
 Major factors that influence game-day attendance can be categorized into different 
classifications. Economic variables include travel costs, income, demographic variables include 
school enrollment, population of the city or state, and expected attractiveness or quality of the 
event include recent on-field performance, expectation of a highly competitive contest, winning 
tradition, day of week, game-time, stadium amenities, rivalries, and weather are predictor 
variables used to explore variance of demand in sports (Schofield, 1983).  
 In a study of Football Championship Subdivision (FCS) attendance, fans appear to be 
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more sensitive to real travel cost, captured by proximity in the current study (Falls & Natke, 
2016). In a NCAA Division II football study on spectator attendance, the number of miles 
between two competing teams was found to be significant for three of the four demand equations 
(D. DeSchriver & E. Jensen, 2002). The effect was significant and negative, meaning as miles 
increased between teams, attendance would drop. Based on past research, distance between 
teams as a variable holds significance in terms of attendance and, perhaps, ticket price.  
 Several studies find a positive, significant relationship of enrollment on college football 
attendance. At the Football Bowl Subdivision (FBS) level, higher undergraduate, or overall, 
enrollment results in higher attendance as well as higher percentage of students who live on 
campus (Falls & Natke, 2014; Price & Sen, 2003). The findings are consistent with the FCS and 
Group of 5 levels as well, results holding positive and significant that an increase of student body 
leads to larger attendance (Falls & Natke, 2016; Paul, Humphreys, & Weinbach, 2012). At the 
NCAA Division II level, student enrollment was also found significant and have a positive effect 
at the .05 level in all of the regression equations (D. DeSchriver & E. Jensen, 2002). Another 
demographic variable studied is market size or local city and area population. At the Division I 
level, a sample consisting of home games against FBS opponents in the Mountain West, WAC, 
MAC, and Sun Belt conferences in 2003-2009 season showed that population of local area was 
negative and significant for attendance, implying larger metro areas were found to have lower 
attendance than those in smaller cities (Paul et al., 2012). With larger cities, there are alternatives 
for fans to college football, and in one study the presence of a nearby NFL team seemed to 
diminish fan support and attendance (Price & Sen, 2003).  
Game attractiveness by far has the most variables examined for the study and can be 
separated into three subcategories, specific gameday factors, weather related aspects, and 
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attractiveness factors. For specific gameday factors, month, day of week, time, venue capacity, 
and television coverage are studied. Previous studies conclude that attendance is highest during 
the first six weeks of the season and decrease as the season continues on, potentially due to 
colder weather across the country (Falls & Natke, 2014; Paul et al., 2012). In particular, weeks 
one through six are significant time periods for attendance with a positive effect, while other 
time periods, weeks seven through nine and ten through twelve, have no significance 
(DeSchriver & E. Jensen, 2002). Evidence from the Group of 5 conferences show that, omitting 
Friday and Saturday night games increase attendance by over 3,000 fans while Thursday night 
games were shown to decrease attendance by 2,700 fans. Yet, research has also shown that night 
games, cold temperatures, and cold temperatures with precipitation have no influence on 
attendance, rather that game day attendance is affected by a broad range of factors (Price & Sen, 
2003). Venue capacity has been shown to have a positive and significant influence on demand 
for college football consumers as well. Stadium renovations and amenities can have influence as 
well, where stadium age has been found to be significant and negatively related to attendance, 
the older a stadium gets, attendance responds negatively (D. DeSchriver & E. Jensen, 2002). 
Television coverage also has been shown to exert a positive, significant influence on attendance 
(Price & Sen, 2003). Weather related factors typically have been found to perform according to 
expectations, that greater precipitation, greater cloud cover, and lower temperatures reduce 
attendance (Falls & Natke, 2016). Weather was also found to be significant at the Division II 
level as well (Groza, 2010).  
 Among game specific factors, the main importance is the home team’s past success, 
followed by the win-loss record of the visiting (Price & Sen, 2003). Teams who have an 
established tenure as a successful football program tend to have a positive influence on demand. 
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Home team and visiting team wins in the last 11 games, number of bowl games in the last 10 
years, traditional rivalry games, and win percentage are all indicators of home and away team 
success that can be used to describe matchup attractiveness and have been found to have 
positive, significant influence on demand (D. DeSchriver & E. Jensen, 2002; Paul et al., 2012; 
Price & Sen, 2003). Betting and gambling measures were examined in the Group of 5 
conferences, in which the home team is favored, increases in point spread is associated with an 
increase in attendance, other things equal (Paul et al., 2012). When the road team is favored 
however, fans also respond favorably to larger point spreads, implying that fans are interested in 
seeing strong teams come to town to play against their school. The over/under, measured as total 
scored points predicted, has a positive and statistically significant effect on game attendance 
where each additional point of expected scoring was associated with an increase of 133 
spectators.  
 Previous research on college football has been focused on theoretical explanations for 
pricing decisions, dynamic pricing in professional sport, and demand for college football from 
consumers, measured through attendance numbers. Organizations can base ticket pricing 
decisions on satisfying stakeholders, creating a positive perceived value to fans, or maximizing 
revenues. Many sport organizations have made changes in ticket pricing to dynamic pricing, 
where prices are set initially but can vary over time. With dynamic pricing, organizations attempt 
to capture fan demand and constantly varying market conditions. Meanwhile, prior literature has 
specifically focused on college football and studied attendance and what influences demand. 
Ticket price charged by athletic departments and StubHub ticket price as dependent variables can 
be observed using the same or similar predictor variables, to see if parallel relationships exist. 
The research being conducted is novel where no prior study on college football has used ticket 
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price as a dependent variable and explored factors that could explain the variance of single game 





In summary, some of the largest factors that were discovered on the NFL level 
included team performance from prior season, revenue needs of the organization, public 
relations issues, price sensitivities of the market, fan identification, and average league ticket 
price. In regard to college football and demand or attendance, factors that influenced demand 
included enrollment, market size, proximity, venue capacity, and weather. These two 
organizations provide a starting point and baseline for variables to observe in this study.  
The current study will provide one of, if not the first, inside detailed look at college 
football ticket price on the primary and secondary markets. This research will provide a 
strong foundation and noteworthy amount of information for future studies with college 










For the purposes of the research, four regression models were created. Regression models 
are useful in determining and estimating relationships between variables. The research purpose 
was to establish and predict relationships amongst ticket price and various explanatory variables. 
The models consisted of the StubHub “get-in” price for each individual game at the different 
time periods, AP Poll release, two weeks prior to gameday, one week prior to gameday, and one 
day prior to game day, to capture what variables are significant at certain time periods and over 
time. For all models, the “get in price” (GIP) will be measured to keep consistency. GIP is 
representative of the cheapest price a fan can pay to attend an event. Universities sell single 
game tickets to the public, typically throughout the summer before the season, once they have 
exhausted season-ticket sales. Single game tickets can also become available and sold through 
visiting team returns, where if a visiting team is unable to sell the allotment provided to the 
school via the home team, tickets can be returned to the home school and sold to their fanbase. 
For the purposes of the study, the lowest ticket price offered to the public from the official 
athletic department website was used, sans any special promotions or deals. On StubHub, the 
price used was the price shown on the event page. Neither athletic department price or StubHub 
price included transaction or shipping fees, as to stay consistent across both prices and all athletic 
departments. Data collection occurred for athletic department price as schools released and sold 
tickets online through their websites. For StubHub, data collection occurred four times per game, 
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first when the initial Associated Press poll is released, again two weeks prior to gameday, again 
on the Monday of game-week, and finally one-day before game-day. In short, the price 
advertised is the price recorded and studied for the research.  
Explanatory variables were observed to see the statistical significance, whether or not the 
variable explains the variance in ticket price. The population of research included all NCAA 
institutions with football teams in the Power 5 conferences including Notre Dame. This 
population included sixty-five football programs, with approximately half of them hosting a 
home football game each of the fourteen weeks of the college football regular season. Neutral 
site games, such as the Chick-Fil-A Kickoff or Georgia-Florida rivalry in Jacksonville, Florida, 
were ignored as the games are not true home games, although one team may be indicated as 
“home”. The sample chosen allowed for the best chance to conclude what factors truly effect 
ticket price for athletic departments and StubHub price for the games in the sample for the 2019 
college football regular season.  
 Based on prior literature, the following independent variables were examined in the 
models. Variables included month of game, day of the game, strength of opponent, win 
percentage, and post-season success from the previous year. The Massey Rating Composite 
Ranking tracked the different rankings and ratings from different sources and created a 
composite score used to track the strength of both teams at each time period. As mentioned in the 
literature review, intercollegiate athletics and professional sports are different entities, therefore, 
had some unique factors that were observed. Recruiting rankings for the home and away team 
and school undergraduate enrollment were two distinctive elements to collegiate athletics that 
were considered to see if there is any significance to ticket price. 247 Sports tracked recruiting 
for schools through measuring five, four, and three star prospects and assigns a point value to 
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each program’s incoming class, allowing for comparison from class to class. Other factors 
included temperature, precipitation, line (predicted margin of victory, listed as an absolute 
value), and total number of points predicted (indicative of “offensive firepower”). ESPN had a 
weekly betting matchup website for each week of the college football season where the specific 
betting measures came from. “The Weather Channel” website was visited on Monday and one 
day prior to gameday to measure the high temperature and the percentage chance of precipitation 
on gameday. The matchup attractiveness was measured in different ways including recruiting 
rankings from the previous year, conference membership, AP rank, Massey Rating Composite 
Ranking, line, total points predicted, home and away previous year win percentage, home and 
away current win percentage, and home and away bowl participation from previous year. 
Factors, such as weather, were measured multiple times and, in order to keep consistency with 
the model, any factor measured multiple times was collected at the same time every week. For 
example, temperature and precipitation are measured both five days before the event and one day 
out. Weather variables will be measured as an actual temperature and precipitation percentage 
according to Weather.com due to unlikely discrepancies from one day before and the actual 
weather. The baseline will be an important variable to have as prices could change due to factors 
changing throughout game-week. The specific factors and source used to collect the variable is 










The sample for the current study included home games for the 2019 Power 5 football 
games. A total of 434 unique games were included in the analysis. Over the course of 14 weeks, 
four observations per game were recorded. A total of 1736 price observations were conducted. 
For the 2019 season, only 15 games were not available for purchase via single game offer which 
included, Texas v. LSU, Clemson v. Texas A&M, Syracuse v. Clemson, Georgia v. Notre Dame, 
Wisconsin v. Michigan, West Virginia v. Texas, Notre Dame v. USC, Northwestern v. Ohio 
State, USC v. Oregon, North Carolina State University v. Clemson, Auburn v. Georgia, 
Mississippi State v. Alabama, USC v. UCLA, Georgia v. Texas A&M, and Auburn v. Alabama. 
With those games excluded, consumers had 419 individual Power 5 single home games available 
for purchase directly from the schools.  
RQ1: How does StubHub “get-in” ticket change over time periods from AP Poll release to 
one day out?  
 Overall, the mean athletic department price for a single football game ticket was $50.42, 
with a minimum of $10 (Duke vs. North Carolina A&T, Louisville vs. Eastern Kentucky, and 
Mississippi State vs. Kansas State) and maximum of $175 (Oklahoma State vs. Oklahoma). For 
StubHub prices at the first time period, AP Poll release in August, StubHub get-in prices have a 
mean of $38.45 and a range from $6 to $259. The mean prices result in an “overcharging” of 
$11.97, calculated by taking the difference between the mean athletic department price and mean 
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StubHub get-in price. In the top ten biggest discrepancies in StubHub price to athletic 
department price, seven of those games are a result of undercharging, while only three are a 
result of overcharging. As seen in the chart in Appendix B, although majority of the spikes are 
below the $0 mark, the plot tends to stay in the positive, or overcharge, for most of the graph. 
 Continuing into two weeks prior to gameday, the trend continues for athletic departments 
overcharging compared to the StubHub market get-in price. The mean StubHub get-in price is 
$37.35, resulting in an overcharge of consumers by $13.07. Compared to the AP Poll time 
period, there is a $1.10 increase in overcharging, or 9.19% change from that period. The 
maximum StubHub price also raised, and the new range was from $6 to $292.69. Among the top 
ten biggest discrepancies between athletic department price and StubHub price, the results are 
split with five on the overcharging side and five on the undercharging side as noted in the graph 
in Appendix C. 
 One week prior to gameday, overcharging continues and the mean price increases again 
over the second consecutive time period switch. The mean for the StubHub get-in price drops 
again to $36.04, resulting in an average overcharge of $14.37. The difference in the overcharge 
from two weeks prior to one week prior is a change of $1.30, or 9.95% increase from the prior 
week. Looking at discrepancies in Appendix D, week one is similar to AP Poll with seven of the 
ten biggest price discrepancies occurring as an undercharge, but average stays positive and an 
overcharge.  
 Finally, all tendencies continue with relating athletic department price and StubHub get-
in price when looking at one day prior to gameday. The average StubHub price drops to $31.99, 
resulting in a difference of $18.43 in overcharging. The overcharge increased by $4.06 or 
28.25% compared to the last week price of $14.37. The biggest discrepancies switch back to 
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week two model, displayed in Appendix E, where five are a result of undercharging and five are 
result of overcharging.  
 Capturing StubHub data over different time periods allowed the comparison between 
athletic department price, set months in advance, and StubHub price on a constantly fluid and 
fluctuating marketplace. It is important to note that, on average, athletic department prices are 
higher than the market at every single time period. Additionally, the differences between the 
price increase, 9.19% increase from AP Poll to two weeks out, 9.95% increase from two weeks 
out to one week out, and a substantial 28.25% increase from one week to one day. The difference 
between the prices is a direct result of the average StubHub get-in price dropping at each time 
period from $38.45 at AP Poll, $37.25 at two weeks out, $36.04 one week out, and $31.99 at one 
day out.  
RQ2: What variables predict Power 5 StubHub “get-in” price at each unique time period? 
A total of 7 independent variables were utilized in the first regression model at the AP 
Poll release (F(7, 411) = 121.458, p < .001, R2 = .674. This model explained 67.4% of the 
variance in ticket price. The variables include TIXPRICE, RECRUITAWAY, DIVISION, 
AWAYPREVWINP, HOMECURWINP, AWAYBOWL, and HOMECONF6, where the beta 
weights and significance for each variable can be seen in Appendix F. Factors that support and 
are significant at the AP Poll Release include recruit ranking of the away team, away previous 
year win percentage, and whether or not the away team made a bowl game the prior year. For the 
home team specific variables, the athletic department price, current win percentage (measured as 
last year’s win percentage for week one), and whether the team was Notre Dame or independent 
were significant. Ticket price, at the AP Poll stage, has a β of .881, indicating that for every $1 
increase in the athletic department get-in price, the StubHub price will increase by $0.88, nearly 
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a one to one relationship. The only match-up factor that was significant was whether or not the 
teams were in the same division. With a β of 5.63 for division, ticket prices are to increase by 
$5.63 for games within the same division, but even higher for games that are outside of division 
by $11.26.  
A total of 9 independent variables were utilized in the second regression model at two 
weeks prior to gameday (F(9, 409) = 75.543, p < .001, R2 = .624. This model explained 62.4% 
of the variance in ticket price. Several factors carry significance from AP Poll release to two 
weeks prior, including athletic department ticket price, recruiting ranking of the away team, and 
away team win percentage from the prior year shown in Appendix G. Overall, nine variables are 
significant including TIXPRICE, WEEK, PROXIMITY, RECRUITAWAY, 
HOMEPREVWINP, AWAYPREVWINP, TV1, HOMECONF4, and AWAYCONF4, and the 
beta weights and p-values can be observed in Appendix G. The secondary market, at the two-
week time period, continues to be influenced by the away team and their expected success via 
recruiting or the win percentage from the prior year. However, there are additional specific 
match-up factors that have significance, week and proximity, showing college football fans begin 
to take in account how far away the teams are and what week of the season the game takes place 
in. With a β of -1.320 for week variable, the get-in StubHub price drops by $1.32 for each 
additional week in the regular season. For proximity with a β of -0.005, for every additional 100 
miles teams are apart, the StubHub get-in price drops $0.50. TV networks also begin to play a 
role in the two-week prior time period, where whether the game is on free-to-air network or not 
is significant with a β of 10.786, increasing the price by $10.79 if the game is on a free-to-air 
network. The free-to-air network significance could be attributed to those networks having the 
premier games of the week, such as SEC on CBS or top ACC game on ABC. Lastly for two-
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week time period, whether or not either team is in the BIG10 is significant, increasing the price 
by $16.32 if the away team is in BIG10 and lowering the price by $8.73 if the home team is in 
the BIG10.  
A total of 10 independent variables were utilized in the third regression model at one 
week prior to gameday (F(10, 408) = 45.588, p <.001, R2 = .528. This model explained 52.8% of 
the variance in ticket price. At the one-week mark, ticket price, week, and proximity carry 
significance over from the week prior and there are also interesting new factors, TV, 
PRECIPWK, VENUECAPACITY, HOMERANK, AWAYRANK, ENROLLMENT, and TV2 
where beta weights and p-values can be seen in Appendix H. StubHub get-in prices are 
influenced by the actual success and talent via the home and away rank instead of win percentage 
from the prior year. The β weights for home rank and away rank are -0.141 and -0.180, 
respectively, implying that for every ten higher rankings a team is on the Massey Rating scale, 
the get-in price drops by either $1.41 or $1.80, all other factors equal. Week one consists of the 
first weather variables as well, measuring precipitation percentage and temperature, where 
precipitation is significant with β of 12.335. Interestingly, for every ten-percentage increase in 
precipitation, the ticket price increase by $1.23, conflicting with common thought that increase 
chance of rain would naturally lower prices and lower fan interest in a game. TV variables are 
significant as well, with a β of -4.878, as games move from free-to-air networks, to basic cable, 
to premium cable or regional sports networks, prices drop. The tier of games and quality of 
games also drops as you move from one network level to the other, the best games are 
broadcasted on the top, most accessible networks, while those lesser games are pushed to 
regional networks. One final observation at the one-week prior mark is the significance of 
enrollment and venue capacity on StubHub get-in price. Both β weights, however, are less than 
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.000 but the significance is important to note, nonetheless.  
A total of 10 independent variables were utilized in the fourth regression model at one 
day prior to gameday (F(10, 408) = 25.354, p <.001, R2 = .383. This model explained 38.3% of 
the variance in ticket price. At the final time period, one day prior to kickoff, five factors 
continue to be significant that were also significant at the one-week stage, ticket price from the 
athletic department, week of the game, proximity, television network, home rank, and venue 
capacity. New variables include PRECIPACTUAL, LINE, and AWAYCONF5, all variables’ 
beta weights and p-values are displayed in Appendix I. Instead of the precipitation percentages 
that were measured at the beginning of the week, the day before percentages collected were 
significant and have drastically different effect on StubHub price than in the one-week prior time 
period. With a β of -13.112, StubHub get-in prices drop by $1.31 for every ten-percentage 
increase in precipitation chance, much more in line with expectations that college football fans 
would pay less to watch games in unfavorable conditions. The one-day time period, also, is the 
first and only segment with a betting factor, line, to be significant. The β weight for line at 0.364 
indicates that with a home team favored by ten points (-10 value for the variable), price would 
decrease by $3.64, and with an away team favored by ten points (10 value for the variable), the 
price would increase by $3.64. TV also continues to influence StubHub prices at a β of -5.098, 
larger than the prior period’s score of -4.878, dropping prices more heavily as free-to-air, basic 
cable, and premium regional sports networks are compared with all other factors staying the 
game. Lastly, the only conference variable to be significant one day prior is BIG12, where a β of 
-8.894 implies that a home game against an away BIG12 team, prices drop $8.89 compared to 












The goal of the study was to determine what factors influence get-in StubHub ticket price 
over time throughout a college football season for Power 5 schools’ home games. With the 
variables collected, each of the four time periods AP Poll release, two weeks prior to gameday, 
one week prior to gameday, one day prior to gameday were analyzed via regression models and 
studied to discover which specific factors are responsible in influencing the get-in ticket price at 
that particular stage. StubHub prices were also compared to athletic department prices for all 
games to collect trends of how the average prices on the secondary market compared to the 
athletic department over time, indicating over or undercharging by the schools. The results 
benefit both the consumer and athletic departments, where consumers naturally search for the 
best price and schools want to accurately price tickets and encourage consumers to purchase 
directly, instead of utilizing a secondary market.  
StubHub, or any secondary ticket provider, ticket prices indicate the true value or the 
market value of any particular event. Whereas athletic department prices are typically set 
preseason and not changing, StubHub prices fluctuate throughout the season. By StubHub price 
typically lower than the athletic department price, schools are overcharging or overestimating the 
value for their single game tickets. Fans will be more likely to utilize trusted secondary markets 
to purchase tickets, rather than directly from the athletic department, leading to a loss of direct 
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revenue to the schools.  
Throughout all the weeks and time periods, several concluding thoughts can be surmised 
from the data collection and results. Perhaps most notably, only one factor is significant across 
all time periods, athletic department get-in ticket price for each matchup. By the ticket price 
being influential in the model, consumers use that as a baseline for all purchasing decisions and 
comparisons. The logic is quite simple, if the purchase can be made directly from the retailer at a 
cheaper price, for one less step, then the obvious decision is to do so. The beta weights, in 
general, have interesting patterns across different weeks and time periods as shown in Appendix 
J. Additionally, the away team carries more weight and consistency over time, responsible for 
more factors when compared to the home team. Recruiting rankings and away team previous win 
percentage are significant at AP Poll release and two weeks prior, while away rank and away 
conference are significant at the one week and one day periods, respectively.  
Another finding suggests that the further out, AP Poll release or two weeks out, sellers set 
StubHub prices based on the away team’s last year’s win percentage, away team’s last year’s 
bowl participation, or away team’s recruiting rankings for the incoming freshman class, 
suggesting those prices are based more on away expected team strength, based on last year, early 
on. However, for one week out and one day out, those measures lose significance and give away 
to the home and away Massey Ranking (represented by the home and away rank variables), 
which are indicative of the teams’ success and their relative standing to one another at that time. 
StubHub prices earlier in the season and further away from game day tend to be dictated by 
upcoming presumptive success while, closer to game day, consumers have a better idea of how 
good teams actually are and the rankings or the spread between the teams impact the StubHub 
get-in price. Continuing with change over time, at one-week prior fans seem to take a chance on 
29 
 
the weather uncertainty early in the week which results in a positive β for precipitation, where 
conventional thought would say increased chance of rain would lower ticket price. Only a couple 
days pass and the β flips to a negative, showing that fans are likely to take a chance early in the 
week, then are forced to change their mind or drop tickets later in the week when there is more 
certainty in the weather expected on gameday. One other takeaway from the data comes from 
proximity being significant at all time periods, besides the AP Poll release. The distance between 
the teams is not a factor when buying tickets over the summer or before the season starts, rather 
is short-term purchasing factor.  
At one week prior, two different weather variables were collected, the high temperature 
on gameday as well as the percentage chance of rain on gameday. Temperature is not influential 
at either time period. However, at two weeks prior to gameday, percentage chance of 
precipitation is significant and also significant one day prior, implying that fans are more 
influenced by whether or not they will stay dry versus extreme heat or cold. In terms of what 
specific day the game is played on, there was no statistical difference in StubHub get-in price 
attributable to whether the game is on Saturday versus any other day, since the day variable was 
never significant at any time period. Similar to day of the week, none of the month variables 
were significant. One would expect since temperature is not significant that the month variable 
would also not be since the two are closely related; temperatures drop later in the year in 
November versus the typical hot months of August and September. In terms of the specific 
matchup, only the line set for the game is significant, not the total points predicted. StubHub get-
in prices increase as the away team is favored, suggesting fans want a good team to play against 
the home team and defeat a strong opponent, however fans are not swayed if the game is 
expected to be an offensive explosion or defensive battle due to total points lack of significance. 
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Finally, recruiting rankings only influence StubHub get-in price if the away team is bringing in a 
strong recruiting class and nothing for the home team.  
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APPENDIX A: COLLEGE FOOTBALL POWER 5 HOME SINGLE GAME FOOTBALL 
TICKET PRICING CODE SHEET 
 








Excel sheet.  Organization 
HOMEID Identification 
number of the 
home team 
All schools will be numbered 
alphabetically from 1-66; 
helps with organization 
Organization 
HOME Home team of the 
matchup 
Home team’s football 
schedule 
Organization 
OPPONENT Away team of the 
matchup 
Home team’s football 
schedule 
Organization 
DEPENDENT VARIABLES / TICKET PRICES 
TIXPRICE Cheapest price 
offered to the 




deals. No fees 
included 
Home team’s athletics 
department website 
(Zhang, Lam, & 
Connaughton, 2003); 
(Falls & Natke, 2016); 
(Price & Sen, 2003); 
(D. DeSchriver & E. 
Jensen, 2002) 
STUBINITIAL  StubHub prices of 
the game when 
the AP Poll is 
first released in 
late August 
StubHub.com game page for 
each game when the AP poll 
is released.  
(Popp et al., 2018); 
(Shapiro & Drayer, 
2012); (Drayer & 
Shapiro, 2009); 
(Kemper & Breuer, 
2016) 
STUBTWO StubHub prices of 
the game on two 
weeks prior to 
gameday.  
StubHub.com game page for 
specific game on two weeks 
prior to gameday  
(Popp et al., 2018); 
(Shapiro & Drayer, 
2012); (Drayer & 
Shapiro, 2009); 
(Kemper & Breuer, 
2016) 
STUBWK StubHub prices of 
the game on 
Monday of game 
week. This date 
was chosen 
because of the 
new AP poll is 
released on 
Sunday and 
Monday will be 
the first day of 
price reaction to 
StubHub.com game page for 
specific game on Monday of 
game week.  
(Popp et al., 2018); 
(Shapiro & Drayer, 
2012); (Drayer & 
Shapiro, 2009); 




the new ranking 
STUBDAY StubHub prices of 
the game one day 
prior to the game 
date to compare 
to initial prices on 
Monday.  
StubHub.com game page for 
specific game on Friday or 
one-day before game.  
(Popp et al., 2018); 
(Shapiro & Drayer, 
2012); (Drayer & 
Shapiro, 2009); 






month of the 
game. (1 = 
August, 2 = 
September, 3 = 
October, 4 = 
November) 
Home team’s schedule (Paul, Humphreys, & 
Weinbach, 2012); 
(Shapiro & Drayer, 
2012); (D. DeSchriver 
& E. Jensen, 2002) 
DAY Day of the game Home team’s schedule (Drayer & Shapiro, 
2009); (Shapiro & 
Drayer, 2012); (Falls & 
Natke, 2016); (Paul et 
al., 2012) 





GAMEDATE Day and month 
the game was 
played on 
Home team’s schedule Organization, month & 
day justified above 
TIME Time of kick off, 
all times recorded 
on a 24-hour 
clock  
Home team’s schedule (Shapiro & Drayer, 
2012); (Falls & Natke, 
2016); (D. DeSchriver 
& E. Jensen, 2002) 
PROXMITY Distance away 
team had to travel 
to the venue 
Google Map directions from 
the away university to the 
home stadium. Recorded as 
number of miles. 
(Popp et al., 2018); 
(Falls & Natke, 2016) 





(1 = “free-to-air” 
networks 
including ABC, 
CBS, FOX, NBC, 




FS1, FS2, 3 = 
premium/regional 
Utilize ESPN weekly game 
schedule.  
(Price & Sen, 2003); 
(Howard & Crompton, 
2004); (Shapiro, 



















Weather.com (Falls & Natke, 2016); 
(D. DeSchriver & E. 
Jensen, 2002); (Shapiro 
& Drayer, 2012) 
TEMPACTUAL High temperature 
on gameday 
measured one day 




Weather.com (Falls & Natke, 2016); 
(D. DeSchriver & E. 
Jensen, 2002); (Shapiro 
& Drayer, 2012) 







Weather.com (Falls & Natke, 2016); 
(D. DeSchriver & E. 
Jensen, 2002); (Shapiro 
& Drayer, 2012) 
PRECIPACTUAL Chance of 
precipitation on 
gameday 
measured one day 





Weather.com (Falls & Natke, 2016); 
(D. DeSchriver & E. 
Jensen, 2002); (Shapiro 
& Drayer, 2012) 
VENUECAPACITY The seating 
capacity of the 
stadium in which 
the game is taking 
place 





RECRUITHOME Recruiting class 
ranking of the 
home team going 
into the 2019 
season 
Utilizing 247 sports and total 
point value. Represents 
excitement and team 
attractiveness of the home 
team 
(Paul et al., 2012) 
RECRUITAWAY Recruiting class Utilizing 247 sports and total (Paul et al., 2012) 
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ranking of the 
away team going 
into the 2019 
season 
point value. Represents 
excitement and team 






home team (1 = 
SEC, 2 = ACC, 3 
= PAC12, 4 = 
BIG10 , 5 = 
BIG12, 6 = 
Independent/Notr
e Dame) 
NCAA Conferences (Falls & Natke, 2016); 
(Price & Sen, 2003); 





conference of the 
visiting team (1 = 
SEC, 2 = ACC, 3 
= PAC12, 4 = 
BIG10 , 5 = 
BIG12, 6 = 
Independent/Notr
e Dame, 7 = 
Group of 5, 8 = 
FCS) 
NCAA Conferences (Falls & Natke, 2016); 
(Price & Sen, 2003); 
(Paul et al., 2012); 
(Groza, 2010) 




NCAA Conferences (Falls & Natke, 2016); 
(Price & Sen, 2003); 
(Paul et al., 2012); 
(Groza, 2010) 




NCAA Conferences (Falls & Natke, 2016); 
(Price & Sen, 2003); 
(Paul et al., 2012); 
(Groza, 2010) 
HOMERANK Rank of the home 





week.   
AP Poll (Paul et al., 2012) 
Fans prefer to see best 
teams from biggest 
conferences 
AWAYRANK Rank of the away 





week.   
AP Poll (Paul et al., 2012) 
Fans prefer to see best 




LINE The spread 
between the two 
teams. Larger the 
spread, the larger 
margin of victory 
predicted. 
Negative values 
result in the home 
team being 
favored by that 
many points. 
Lines retrieved from 
http://www.espn.com/college-
football/lines 
(Paul et al., 2012) 
TOTAL Total number of 
points predicted 




Total points retrieved from 
http://www.espn.com/college-
football/lines 
(Paul et al., 2012) 
HOMEPREVWINP Home team win 
percentage from 
year before 
2018 Home team schedule (Paul et al., 2012); (D. 
DeSchriver & E. 
Jensen, 2002); (Shapiro 
& Drayer, 2012); 
(Drayer & Shapiro, 
2009); (Falls & Natke, 
2016) 
AWAYPREVWINP Away team win 
percentage from 
the year before 
2018 away team schedule (Paul et al., 2012); (D. 
DeSchriver & E. 
Jensen, 2002); (Shapiro 
& Drayer, 2012); 
(Drayer & Shapiro, 









Week 1 utilizes 
the final win 
percentage from 
2018.  
2019 home team schedule (Paul et al., 2012); (D. 
DeSchriver & E. 
Jensen, 2002); (Shapiro 
& Drayer, 2012); 
(Drayer & Shapiro, 









Week 1 utilizes 
the final win 
percentage from 
2018.  
2019 away team schedule (Paul et al., 2012); (D. 
DeSchriver & E. 
Jensen, 2002); (Shapiro 
& Drayer, 2012); 
(Drayer & Shapiro, 
2009); (Falls & Natke, 
2016) 
HOMEBOWL Did the home 2018 home team schedule (Falls & Natke, 2014); 
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team make a bowl 
game last year? 
(1=yes, 2= no) 
(Price & Sen, 2003) 
AWAYBOWL Did the away 
team make a bowl 
game last year? 
(1=yes, 2= no) 
2018 away team schedule (Falls & Natke, 2014); 




enrollment of the 
home team at the 
main campus 
Official reported numbers 
from the university or 
Wikipedia 
 
(Price & Sen, 2003); 
(Paul et al., 2012); (D. 
DeSchriver & E. 
Jensen, 2002) 
DUMMY CODED VARIABLES 
MONTH (1,2,3,4)  Dummy coded 
variable for 




November, 0 = 
not that month)  
Home team’s schedule (Paul, Humphreys, & 
Weinbach, 2012); 
(Shapiro & Drayer, 
2012); (D. DeSchriver 
& E. Jensen, 2002) 
TV (1,2,3) Dummy coded 
variable for TV 





TV networks, 0 = 
any other 
network) 
Utilize ESPN weekly game 
schedule.  
(Price & Sen, 2003); 
(Howard & Crompton, 
2004); (Shapiro, 











Independent, 0 = 
any other 
conference) 
NCAA Conferences (Falls & Natke, 2016); 
(Price & Sen, 2003); 












NCAA Conferences (Falls & Natke, 2016); 
(Price & Sen, 2003); 




Group of 5 
member, FCS, 0 



















































APPENDIX B: DIFFERENCE BETWEEN ATHLETIC DEPARTMENT PRICE & AP 




























-$149 Iowa @ Iowa State
-$129.69
App State @ North Carolina
-$70.00




Michigan @ Ohio State
-$92.00
Wisconsin @ Ohio State
$123.00
Kansas @ Oklahoma State
$60.00
Oklahoma @ Oklahoma State
$62.80














APPENDIX C: DIFFERENCE BETWEEN ATHLETIC DEPARTMENT PRICE & TWO 




























Iowa @ Iowa State
-$126.45




























APPENDIX D: DIFFERENCE BETWEEN ATHLETIC DEPARTMENT PRICE & ONE 




























Iowa @ Iowa State
-$110.00












Clemson @ South Carolina
$75.13














APPENDIX E: DIFFERENCE BETWEEN ATHLETIC DEPARTMENT PRICE & ONE 



























Notre Dame @ Michigan
$97.00








Virginia Tech @ Virginia
-$100.55



























t Sig.  
TIXPRICE .881 .045 .682 19.721 .000 
RECRUITAWAY .109 .021 .204 5.186 .000 
DIVISION 5.634 2.327 .078 2.421 .016 
AWAYPREVWINP 30.729 7.289 .172 4.216 .000 
HOMECURWINP 8.052 3.668 .065 2.195 .029 
AWAYBOWL 9.019 3.183 .125 2.834 .005 
HOMECONF6 23.581 8.581 .078 2.748 .006 















































t Sig.  
TIXPRICE .757 .053 .584 14.385 .000 
WEEK -1.320 .288 -.155 -4.578 .000 
PROXIMITY -.005 .003 -.066 -2.097 .037 
RECRUITAWAY .066 .021 .123 3.091 .002 
HOMEPREVWINP 17.222 6.011 .096 2.865 .004 
AWAYPREVWINP 13.497 5.984 .076 2.255 .025 
TV1 10.786 3.352 .118 3.218 .001 
HOMECONF4 -8.728 4.025 -.101 -2.168 .031 
AWAYCONF4 16.320 4.796 .163 3.403 .001 














































t Sig.  
TIXPRICE .654 .060 .514 10.953 .000 
WEEK -1.109 .312 -.133 -3.553 .000 
PROXIMITY -.009 .003 -.107 -3.051 .002 
TV -4.878 2.083 -.106 -2.341 .020 
PRECIPWK 12.355 5.928 .073 2.084 .038 
VENUECAPACITY .000 .000 -.132 -2.908 .004 
HOMERANK -.141 .044 -.128 -3.195 .002 
AWAYRANK -.180 .039 -.208 -4.564 .000 
ENROLLMENT .000 .000 .120 3.032 .003 
TV2 -6.620 2.702 -.088 -2.450 .015 














































t Sig.  
TIXPRICE .546 .061 .460 8.899 .000 
WEEK -.760 .332 -.098 -2.291 .022 
PROXIMITY -.007 .003 -.096 -2.389 .017 
TV -5.098 2.162 -.119 -2.358 .019 
PRECIPACTUAL -13.112 4.584 -.114 -2.860 .004 
VENUECAPACITY .000 .000 -.116 -2.411 .016 
HOMERANK -.208 .056 -.204 -3.725 .000 
LINE .364 .105 .193 3.449 .001 
TV2 -6.121 2.926 -.087 -2.092 .037 
AWAYCONF5 -8.894 4.197 -.087 -2.119 .035 
































APPENDIX J: BETA WEIGHTS OVER TIME 
 
 AP Poll 2 Weeks Prior 1 Week Prior 1 Day Prior 
TIXPRICE 0.861 0.757 0.654 0.546 
PROXIMITY -0.005 -0.005 -0.009 -0.007 
WEEK N/A -1.320 -1.109 -0.760 
AWAYPREVWINP 29.517 13.497 N/A N/A 
RECRUITAWAY 0.117 0.066 N/A N/A 
HOMERANK N/A N/A -0.141 -0.208 
AWAYRANK N/A N/A -0.180 N/A 
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